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Overfitting

= Model is too complex and fits

irrelevant noise in the data
« Low bias, high variance

* Low training error, high test error

AR ¢ 4 HATE B PRHAS M
2= 3
Underfitting

* Model is too simple to represent all the relevant
class characteristics.

* High bias (few degrees of freedom, DoF) and
low variance.

* High training error and high test error.
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model.add(Conv2D(128, (3, 3)))
model.add(Activation('relu’))

model.add (MaxPooling2D({pool_size=(Z, 2)))
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